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by Yang et al. to forecast the overall survival of GC patients [10]. 
This prognostic signature, however, was only suitable for use in 
clinical settings and did not provide a mathematical formula. 
Therefore, consequently, it is important to provide specialised, 
precise medical diagnostic methods for the early detection of 
stomach cancer with a high mortality risk [11]. Precision medical 
predictive algorithms can assist doctors identify individuals 
with high mortality risk early on and can give a personalised 
mortality risk prediction. Recently, based on genetic information 
for various malignancies, our team successfully built a number 
of precision medical forecasting tools. The advancement of 
artificial intelligence algorithms in recent years has given tumour 
prognostic prediction research new options [12]. Predictive 
and prognostic model accuracy has been increased using the 
multi-task logistic regression algorithm, Cox survival regression 
algorithm, and random survival forest algorithm [13]. As a result, 
current research focused on developing an artificial intelligence 
survival prediction system and investigating possible immune 
regulatory mechanisms for GC prognosis. For estimating the 

Introduction
Therefore, accurate and reliable individual mortality risk prediction 
is crucial for maximising the effectiveness of each patient's 
treatment. Precision medicine has advanced significantly in recent 
years [7]. Individual mortality risk may be predicted using precise 
medical prediction methods at various time periods, and the 
effectiveness for various However, specific treatment demands 
have not been able to be met by precision medical prediction 
methods for forecasting mortality risk of gastric cancer patients. 
Advances in bioinformatics gave precision medical research on 
carcinogenesis and progression a major boost [8]. To investigate 
the innate biological regulatory systems and probable routes for 
carcinogenesis and progression, bioinformatics is useful. Studies 
have increasingly concentrated in recent years on the critical 
function of the immune microenvironment in the development 
and spread of tumours [9]. A prognostic signature was created 
by Jiang et al. to forecast the prognosis of patients with stomach 
cancer. A predictive profile based on immune genes was created 

Abstract
Massive data sets and the development of artificial intelligence algorithms 
provide fresh perspectives and options for predicting cancer patients' unique 
mortality risks. The goal of the recently completed research was to construct 
an artificial intelligence survival prediction system for stomach cancer patients 
who were disease-free [1]. The artificial intelligence survival predicting system 
was created using the multi-task logistic regression algorithm, the cox survival 
regression method, and the random survival forest algorithm [2]. A transcription 
factor regulatory network of immune genes was created using 19 transcription 
factors and 70 immune genes [3]. Fourteen immunological genes were identified 
as prognostic indicators using multivariate Cox regression. Using these immune 
genes, a predictive signature for stomach cancer was created [4]. According 
to epidemiological data, gastric cancer is one of the most common digestive 
malignant tumours and the second highest cause of tumor-related fatalities, with 
fatalities in the prognosis for people with stomach cancer remained poor despite 
improvements in early screening, diagnosis, and therapies that somewhat lowered 
death [5]. Clinical factors that contribute to improve the prognosis of high risk GC 
patients include early detection of high mortality high risk GC patients and more 
accurate, customised therapy [6].
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danger of an individual's death at various times [14]. Model 
dataset, which included mRNAs from 32 normal specimens and 
375 GC specimens, was retrieved from the TCGA database. After 
transferring patients with follow-up data of less than one month, 
265 GC patients were included. Dataset for validation was taken 
from the GEO database. Two hundred and seventy-nine patients 
and 19,765 mRNAs were included in the GSE62254 dataset [15]. 
According to the Gencode.v29 background file, probe IDs were 
converted to recognised gene symbols. The R package "edger" 
was used to conduct differentially expressed analysis between 
GC samples and normal samples. Trimmed mean of M values 
was used to normalise the original data. P 0.05 and log2 were 
used as the cutoff values for analysis of differentially expressed 
genes. Immunology provided the immune genes. In molecular 
biology, transcription factors play a significant role in controlling 
the development and spread of tumours. Three hundred and 
eighteen transcription factors were found in the Cist Rome 
Cancer database to investigate possible regulatory connections 
between transcription factors and immune genes. Using the 
Tumor Immune Estimation Resource database, associations 
between immune genes and tumor-infiltrating immune cells 
were investigated. The Tumor Immune Estimation Resource 
database's tumour infiltrating immune cell dataset, which 
included samples and original values of six tumour infiltrating 
immune cells B cell, CD4 Tell, CD8 cell, Neutrophil, Macrophage, 
and Dendritic), demonstrated the correlation between tumour 
infiltrating immune cells and immune genes. Supplementary 
Fig. 10 showed the association between immune genes and 
tumor-infiltrating immune cells. Subgroup analysis showed that 
there was no discernible variation in immune gene expression. 
14 immune genes that are closely associated to the prognosis 
of gastric cancer were found in the current investigation. These 
immune genes might develop into useful prognostic biomarkers 
and potential tumour therapeutic targets.

Discussion
To better understand the probable molecular regulatory 
mechanisms of carcinogenesis and progression, the current 
study built a transcription factor regulatory network comprising 
immune genes. A predictive signature for DFS of GC tor A was 
created and confirmed in the current study, and it includes 
DNA catabolic process, endonucleolytic activity, temperature 
homeostasis, and negative control of cytokine production. 
Tissue homeostasis, epithelial cell development, and epithelial 
cell morphogenesis are the three primary biological processes 
of V-set and immunoglobulin domain containing 1. The main 
biological function of ferritin family member 1 include cell polarity 
formation or maintenance, adenoidal-type cell movement, and 
is the positive regulation of the cytokine-mediated signalling 
pathway and the negative control of immune system function 
and viral response. Gap junction protein, beta 6, 30 kDa, is 
primarily involved in the biological processes of cellular glucose 
homeostasis, reaction to molecule of bacterial origin, and 
ageing. The development of a polarised epithelium, ossification, 
and retinoid metabolic process are the three main biological 
processes of glycan. Response to viruses, defensive responses to 
viruses, and defence responses to other organisms are the three 

main biological processes of interferon-induced protein 44-like. 
Regulation of cell morphogenesis involved in differentiation, 
retinoid metabolic process, and isoprenoid metabolic process are 
three important biological processes that low density lipoprotein 
receptor related protein 8 regulates. Extrinsic apoptotic signalling 
pathway through death domain receptors, vasculature, and 
fibrinogen beta chain is the primary biological action of this 
protein. Built a network of immune gene transcription factor 
regulation. The possible contribution of immune genes to 
the development and spread of tumours was shown by this 
regulatory network. Interleukin 25 was substantially associated 
with the prognosis of gastric cancer following radical resection 
and was produced by tumor-infiltrating macrophages. 

Conclusion
By boosting the transforming growth factor beta/bone 
morphogenetic protein pathway, macrophages may increase the 
invasiveness of gastric cancer cells. The prognosis and lymph node 
metastases of gastric cancer were linked to high expression of CD8 
+ T cells [50]. A poor prognosis for gastric cancer was substantially 
linked with a high regulatory T cells to CD8 + T cells ratio. High 
CD8 + T cell infiltration led to an increase in programmed death 
ligand 1 and a reduction in survival rate. CD8+ T lymphocytes may 
be stimulated by tumour antigen. Cession 14 immune genes that 
are closely associated to the prognosis of gastric cancer were 
found in the current investigation. These immune genes might 
develop into useful prognostic biomarkers and potential tumour 
therapeutic targets. To better understand the probable molecular 
regulatory mechanisms of carcinogenesis and progression, the 
current study built a transcription factor regulatory network 
comprising immune genes. A predictive signature for DFS of 
GC tor A was created and confirmed in the current study, and 
it includes DNA catabolic process, endonucleolytic activity, 
temperature homeostasis, and negative control of cytokine 
production. Tissue homeostasis, epithelial cell development, and 
epithelial cell morphogenesis are the three primary biological 
processes of V-set and immunoglobulin domain containing. The 
primary biological function of member 1 of the ferritin family cell 
polarity formation or maintenance, epithelial cell movement, 
and adenoidal-type cell migration. Positive control of collagen 
metabolism, ageing, and regulation of collagen metabolism are 
three of resisting’s main biological functions. Negative control of 
immune system function, viral response, and positive regulation 
of the cytokine-mediated signalling pathway are the three 
primary biological processes of the NLR family, CARD domain-
containing protein 5. Gap junction protein, beta 6, 30 kDa, is 
primarily involved in the biological processes of cellular glucose 
homeostasis, reaction to molecule of bacterial origin, and ageing. 
The development of a polarised epithelium, ossification, and 
retinoid metabolic process are the three main biological processes 
of glycan 3. Response to viruses, protection against viruses, and 
defence against viruses are the three main biological processes of 
interferon-induced protein 44-like 160 immunological genes were 
identified by univariate Cox regression as prognostic indicators 
for GC. Gene Survival Analysis Screen System, a highly accurate 
medical predicting tool, was created to investigate the prognostic 
significance of these 160 immune genes in various subgroups. It 
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was given the Gene Survival Analysis Screen System. Univariate 
Cox regression revealed 160 immunological genes as predictive 
indicators for GC. A crucial link in the molecular regulation 
cascade is the transcription factor. The current study conducted 
correlation analysis to better comprehend the regulatory link 
between transcription factors and immune genes.
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